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Abstract: Search data using queries on different type of
databases like biomedical, web, domain specific databases,etc.,
often return a large number of results (hundreds and
thousands), out of which only a small set of them are relevant
to the user. By combing Ranking and Categorization search
the data from the database can reduce overload. The
efficiency of the results fetched by the user can be improved
by enhancing trustworthy. Presently, few trust factors are
being considered to provide quality data to the fetched
queries. A new approach for evaluating the trust factors
recommendation, user expertise, topic and incentive,
provenance, decency is presented to enhance trustworthiness
in this truth finder algorithm to provide trust value and
quality assessment policies. Quality assessment will done to
assess the quality assessment policy, provides better quality.
The trustworthiness can be improved and it will provide
higher quality and efficient results from the database.
Keywords: high quality, trustworthy, trust, efficient results.

1. INTRODUCTION

Data mining is extraction of data which is useful
and it is extracted from different types of databases like
biomedical, web, domain specific databases, etc. Quality in
extracted query results helps the user to fetch quality data
from the database, helps in increasing efficiency of the
database. Information comes from increasingly diverse
sources of varying quality. There is no guarantee for the
correctness of information in the database. Information
quality is task-dependent. A user might consider the quality
of a piece of information appropriate for one task but not
sufficient for another task. Information quality is
subjective, as a second less quality concerned user might
consider the quality of the same piece of information
appropriate for both tasks. Which quality dimensions are
relevant and which levels of quality are required for each
dimension is determined by the specific task .The
biomedical database, on which the search engine operates,
contains over 18 million citations. The database is currently
growing at the rate of 500,000 new citations each year [1].

The user submits an initially broad keyword-
based query that typically returns a large number of results
with concept hierarchies associated with MeSH concept as
hierarchy. Biologists, chemists, medical and health
scientists and researchers will search their data from their
domain literature which need to be trustworthy. For
keyword search system will use citation id which will be
annotated with concept hierarchy [1].

The quality of the search results from the search
engines varies as information providers have different
levels of knowledge and different intentions. Users of
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query based systems are therefore confronted with the
increasingly difficult task of selecting high quality
information from the vast amount of web-accessible
information. The web quality assessment policy framework
will enable information consumers to apply a wide range of
policies to filter information. This employs the Named
graphs data model for the representation of information
together with quality related meta-information. The
framework uses the WIQA-PL [13] policy language for
expressing information filtering policies against this data
model. The web search helps in the retrieval of high quality
information for providing high quality data.

In order to optimize, the system uses concept
hierarchies for navigation of query results and opt edge cut
algorithm to minimize the cost and heuristic edge cut
algorithm to increase the efficiency of query navigation in
the biomedical database. The trustworthiness will improve
the efficiency and effectiveness of the query results. By
using trust factors recommendation, user expertise, topic
and incentive, decency trustworthiness of the data will be
increased. Fact confidence and website trustworthiness
gives fact score which helps in evaluating trustworthiness
[10]. It increases the performance in retrieving trustworthy
query results. Quality is provided based on policies
selected by the user by information content, contextual
information and ratings of the website [9]. This will
increase efficiency and provide effectiveness, time saving
and reduce cost of search and provides to get expected
trusted results.

A. Optimization of Search query Results:

Optimizing of the query results fetched by the user
when a query is placed on the database is done by different
techniques using ranking and categorization. Ranking is
done based on citation count, citation relevance, and by
date. Categorization is done by using concept hierarchies,
navigation tree. Partitioning is used for categorization and
the k partitioning is the linear partitioning method that is
done based on the weight of the node in the tree i.e.,
navigation tree and the active tree is generated where the
clustering is done and the dynamic pruning is also done to
save the time and the cost of query processing. Based on k
value the partitioning is done with the less number of k sub
groups that is less than the more weight of the tree.

The clustering is the technique which is used in
dividing the data into subsets i.e., categorizing the results.
The data can be supervised or unsupervised data i.e.,
training set are already defined or training sets are not
defined previously, for clustering or grouping of data the k
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value or the number of the sets should be known at the
starting of the clustering or grouping is to be done.
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Figure 1: categorization of results

The k means clustering is done based on mean
distance for partitioning medians clustering is based on
median distance and k medics clustering are four different
techniques used for clustering the data.

B. Quality and Trust in database:

Quality in the database is very necessary to
maintain the correctness in the data in the database. The
content trust is to be considered for the ranking and
representation of query results. The database should always
be a quality one and a correct database so that it provides
higher efficiency, some amount of trust can be got by user
preferred techniques but to increase the efficiency we
concentrate on trust of the content and  entity.

The factors that provide trust to the web content or
the content in database are being calculated depending on
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five factors are taken to find the trust value to find the trust
value based on the content trust with five factors but
initially gave 0.9 for others who are not of 1 probability
that give the better results and by concentrating on few
other factors that increase efficiency with timely changing
manner.

Quality evaluating techniques based on the content
trust, information context and contextual information.
These are to calculate the content trust .i.e., entity based
trust. Quality can be calculated depending on trust with few
more factors that may help in increasing the data quality in
the database. Content trust will be providing the trust value,
depending on the trust value and ratings of the content and
also the context .The trust factors are recommendation, user
expertise, topic and incentive provenance, decency which
will help in calculating and evaluating the trust value of the
query result.

Recommendation: This is about the recommendations
provided by more no. of users and the experts.

User expertise: user expert in particular domain of the
database.

Topic: the origin from where the data has better quality
been bought.

Incentive: associations, motivations of the data are from
trustable source.

Provenance: domain specific content generated from
specific database.

Decency: changes with time will take place so to updated
data in the database.

The trustworthiness provides the data enhanced
with trust so as to provide more quality to the data. The
quality assessment metrics are dependent on provenance
based, user based and rating based to define the quality of
the data in the database. The WIQA is to assess the quality
to the data based on the context so that even the keyword
can be provided with the trusted query result which will
increase and enhance the quality of the data in the database
and will provide the efficiency and better quality for the
data in the database.

Quality Dimensions

Accuracy Timeliness Relevancy Ubjectivity Believability
Actual content Context of fhe R‘m?ﬂ; for Quality
Ofthe rage Web page Wieb page Indicators
Content, Context and Ratings- Overall
hased Metrics and Decision
Scoring Function Function

Figure 2. Architecture of Quality Module architecture
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Based on the three quality indicators chosen three
quality assessment metrics are classified:
1) Content based metric
2) Context based metric
3) Ratings based metric.

As Shown in figure 2 the Quality is achieved using
policies selected by the user. The three quality indicators
chosen are information content, contextual information and
ratings of the website. Various quality dimensions like
Accuracy, Timeliness, Relevancy, Obijectivity,
Believability etc are measured for each citation. The
dimensions which are associated with each quality
indicator, depends upon the policy selected by the user.

Information quality assessment metrics can be
classified into three categories according to the type of
information that is used as quality indicator: (1)
information content itself; (2) information about the context
in which information was claimed; (3) ratings about
information itself or the information provider.

Context based metrics are assessed based on the
provenance information taken from the metadata. Content
based metrics are assessed using the information content
itself. Ratings based metrics are assessed by using the
rating information.

2. CONCLUSION AND FUTURE WORK:

The search results from the search engines which
implement the Trustworthy and High-Quality Information
Retrieval System contain more accurate data with
trustworthy information. The search results provide the
most truthful information. The search results are also
ranked based on user-selected quality criteria. Performance
of retrieving trustworthy data is also improved. There are
about 16 factors which affect the Content Trust of websites
[5]. The future work will be in analyzing the remaining
parameters and checking their feasibility in providing
trustworthiness which will provide high quality to the data
in database.
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